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, 2 net. trainParam. 1lr=20.05;

net. trainParam. mc=0. 9;

% net. trainParam. epochs= 6000;
! . net. trainParam. goal= 0. 0001;

[ TR IR R net= train(net, Pn, T); % ;
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[ Pn, Ps| = mapminmax (P); % ; 3
net = new ff (minmax (Pn), [ 16, 14, 3], {~’ 1998 ~2004 ’
) ] L] ’ : ’ . 0 o o o o
logsig’* logsig” * logsig }, ” traingdx” ); % 107.42°~108.23 . 34.32 ~34.57
: . 1998 ~ 2004
net. trainParam. show= 100; %
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net. trainParam. min—grad= le— 100; 1
1
@) @)
1999— 05— 08 107. 34 34.22 1.5 0. 0012, 0. 9907, 0.0171 0, 1,0
2001— 09— 16 108.07 33.33 2.5 0. 9888, 0. 0059, 0. 0060 1,0,0
1999— 07— 15 106. 30 33.15 2.2 0. 0003, 0. 9972, 0. 0036 0,1,0
2002— 02— 06 107.38 34.24 1.9 0. 0001, 0. 9976, 0. 0066 0,1,0
2002— 03— 03 108.23 34.57 1. 8 0. 0019, 0. 9926, 0. 0019 0, 1,0
2002— 02— 05 107.42 34.32 4.0 0. 0002, 0. 0088, 0.9843 0,0, 1
2003— 05— 09 108.12 34.45 2.3 0. 0083, 0. 9893, 0. 0033 0,1,0
2004— 01— 19 109.11 34.31 2.6 0. 0005, 0. 9926, 0. 0174 0,1,0
2003— 04— 24 108.20 33.11 4.9 0. 9978, 0. 0057, 0. 0005 1,0,.0
2002— 12— 02 106.22 37.49 3.3 0. 0003, 0. 0000, 1. 0000 0,0, 1
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BP Prediction Model Used in Earthquake Prediction Based on MATLAB
WANG Feng', HUANG Li-yu’s ZHANG Yu-xiang'

(1. Seismological Bureau of Shanxi Province, X{ an 710068, China;

2. Xidian Universitys X7 an 710068 China)
Abstract: According to neural network theoreticc a BP network prediction model is made based on the back
propagation training functions in the MATLAB toolbox. Then the impression of the model is inspected by the
analysis on the earthquake data of Shanxi. The study shows that, the BP prediction model can be used to fore-
casting earthquake, and its operation is easy. So BP network prediction model is an effective tool for the detec-
tion of earthquake, and it may have a wide application prospects.
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